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Abstract : Due to nonrorthogondity of sgnature sequence ,performance of linear detector is much less than thet of the optimum
detector that is ronlinear. Sructurd risk introduced in SYMs leads to nore generdization and less training sanples than the other
learning modd's and the nonlinear S/Ms can gpproach optimum multi- user detector. In this pgper ,S/Ms are used for multi- user detec-
tion. Gong dering the variation with time of the wirdess channd ,an adgptive S/M is presented for multi- user detection. The results of

dmulation denondrate the feadshility and vdidity of this method.
support vector machine(S/M) ;CDMA ;muti- user detection
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